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1
METHOD AND APPARATUS FOR
COMPRESSING IMAGING DATA OF WHOLE
BLOOD SAMPLE ANALYSES

BACKGROUND OF THE INVENTION

1. Technical Field

The present invention relates to methods and apparatus for
performing analyses on whole blood samples from micros-
copy images in general, and to methods and apparatus for
compressing imaging data of the same in particular.

2. Background Information

Medical diagnostics often include analyses of a whole
blood sample from a patient. One of the more popular diag-
nostics is a complete blood count (referred to as a “CBC”),
which is a suite of tests that may include, in addition to the
enumeration of the cellular components, red blood cell met-
rics, reticulocyte counts, and a leukocyte differential count
(“LDC”; sometimes referred to as a “white blood cell differ-
ential”), which is the identification and enumeration of the
types of white blood cells (WBCs) present in the blood
sample.

Historically, the differential aspects of the CBC have been
performed using separate methods from those used for enu-
meration. For example, the LDC portion of a CBC histori-
cally has been performed by smearing a small amount of
undiluted blood on a slide, staining the dried, fixed smear, and
examining the smear under a microscope. Reasonable results
can be gained from such a smear, but the accuracy and reli-
ability of the data depends largely on the technician’s expe-
rience and technique. Blood smears are problematic for sev-
eral reasons; e.g., the cells must be killed and fixed, which
process precludes many types of supravital stains and analy-
ses whose results depend upon living cells, and blood smears
are labor intensive, cost prohibitive, and time consuming. For
at least these reasons, blood smears are generally not favored
for commercial applications.

Attempts to automate analyses of whole blood samples
have met with some success, but typically have several draw-
backs. For example, electrical impedance or optical flow
cytometry instruments can be used to perform an LDC. Flow
cytometry involves passing a diluted blood sample through a
small vessel wherein electrical impedance or optical sensors
can evaluate the constituent cells as they pass serially through
the vessel. These instruments typically require fluid handling
equipment and require the sample be diluted.

Analyses of biological fluid specimens using color images
can be hindered by the substantial size of the image files.
Large image files can consume storage space, impede transfer
to a remote location, and/or slow processing.

What is needed is an apparatus and method for performing
automated analyses on a whole blood sample, including an
LDC, which facilitate handling and storage of large image
files.

SUMMARY OF THE INVENTION

According to an aspect of the present invention, a method
for analyzing white blood cells (WBCs) within a whole blood
sample quiescently residing within a chamber is provided.
The chamber is defined by at least one transparent panel, and
the whole blood sample includes at least one colorant oper-
able to differentially identify at least one WBC type from
another WBC type within the sample. The method includes
the steps of: a) creating at least one image of the sample
quiescently residing within the chamber; b) identifying por-
tions of the sample image, with each portion representing a
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2
single WBC; ¢) compressing the sample image portions using
a first compression algorithm; and d) one of compressing a
remainder of the sample image not included in the portions
using a second compression algorithm, or discarding the
remainder.

According to another aspect of the present invention, a
method for imaging white blood cells (WBCs) within a whole
blood sample quiescently residing within a chamber is pro-
vided. The chamber is defined by at least one transparent
panel. The method includes the steps of: a) creating at least
one image of the sample quiescently residing within the
chamber; b) identifying portions of the sample image and a
location of each portion within the sample image, with each
portion representing a single WBC; c¢) compressing the
sample image portions using a first compression algorithm; d)
one of compressing a remainder of the sample image not
included in the portions using a second compression algo-
rithm, or discarding the remainder; and e) decompressing the
sample image portions and collectively displaying the por-
tions, with each portion relatively located based on its loca-
tion within the sample image.

According to another aspect of the present invention, an
apparatus for analyzing a whole blood sample quiescently
residing within a chamber is provided. The apparatus
includes an objective lens, a sample illuminator, an image
dissector, and a programmable analyzer. The sample illumi-
nator is operable to provide a fluorescent excitation light and
one or more transmission lights. The image dissector is
adapted to receive one or both of light fluorescing from the
sample and light transmitted through the sample, and to pro-
duce signals representative of such light. The programmable
analyzer is adapted to receive the signals representative of the
light and create at least one image of the sample quiescently
residing within the chamber. The analyzer is further adapted
to quantitatively analyze the sample image and identify por-
tions of the sample image, each portion representing a single
white blood cell (WBC) within the image. The analyzer is
further adapted to selectively compress the sample image
portions using a first compression algorithm, and either com-
press a remainder of the sample image not included in the
portions using a second compression algorithm, or discard the
remainder.

These and other objects, features and advantages of the
present invention will become apparent in light of the detailed
description of the invention provided below, and as illustrated
in the accompanying drawings.

BRIEF DESCRIPTION OF THE DRAWINGS

The application file contains at least one drawing executed
in color. Copies of this patent or patent application publica-
tion with color drawing(s) will be provided by the Office upon
request and payment of the necessary fee.

The principles of the invention are further clarified by
referring to the following figures, where:

FIG. 1 is a diagrammatic section view of a chamber.

FIG. 2 is a diagrammatic top view of a biologic fluid
sample cartridge, of the type that can include a chamber such
as that shown in FIG. 1.

FIG. 3 is a diagrammatic view of an analysis device oper-
able to perform an analysis on a sample disposed within a
chamber.

FIGS. 4A-4D are composite images of a lymphocyte (4A),
a neutophil (4B), an eosinophil (4C), and a monocyte (4D).

FIGS. 5A-5D are images of red light fluorescing from a
lymphocyte (5A), a neutophil (5B), an eosinophil (5C), and a
monocyte (5D).
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FIGS. 6 A-6D are images of green light fluorescing from a
lymphocyte (6A), a neutophil (6B), an eosinophil (6C), and a
monocyte (6D).

FIGS. 7A-7D are images of optical density at a blue light
wavelength with cell boundary marked by red curves for a
lymphocyte (7A), a neutophil (7B), an eosinophil (7C), and a
monocyte (7D).

FIGS. 8A-8D are images of Cells where contiguous pixels
depicting red and green light fluorescence above a predeter-
mined intensity are masked for a lymphocyte (8A), a neuto-
phil (8B), an eosinophil (8C), and a monocyte (8D).

FIGS. 9A-9D are images of Cells where contiguous pixels
depicting green light fluorescence above a predetermined
intensity are masked for a lymphocyte (9A), a neutophil (9B),
an eosinophil (9C), and a monocyte (9D).

FIGS. 10A-10D are images that include one or more
groups of contiguous pixels depicting a regional maximum
intensity in a fluorescent green channel for a lymphocyte
(10A), a neutophil (10B), an eosinophil (10C), and a mono-
cyte (10D).

FIGS. 11A-11D are images of Cells where contiguous
pixels having a blue OD value above a predetermined thresh-
old are masked for a lymphocyte (11A), a neutophil (11B), an
eosinophil (11C), and a monocyte (11D).

FIG. 12 is a graph depicting empirical data (in the form of
aprobability density function—pdf) collected from a training
set of sample images for each of lymphocytes, neutrophils,
eosinophils, and monocytes, versus a number of Lobes. The
term “probability density function” describes the likelihood
that a feature has a particular value. For features with discrete
values like the number of lobes, the pdf is the same as the
frequency that a feature has a particular value. For example,
FIG. 12 shows that around 83% of the lymphocytes within a
population have just one lobe, around 15% of the lympho-
cytes have two lobes. Note this number of lobes is computed
from the sample images and thus can have a value different
from the actual biologic constituents due to image imperfec-
tion and limitation of the image analyzing algorithm. All the
features computed for the images are approximations of their
corresponding biological ones and some degree of inaccuracy
is inherent. However, under the present invention these inher-
ent inaccuracies can be greatly reduced by utilizing multiple
features together during the analysis (e.g., an LDC), thereby
resulting in an analysis having a high degree of accuracy.

FIG. 13 is a graph depicting empirical data (in the form of
aprobability density function—pdf) collected from a training
set for each of lymphocytes, neutrophils, eosinophils, and
monocytes, versus the determined Cell Area for each of the
aforesaid WBCs.

FIG. 14 is an image depicting the high blue OD areas
within a Cell.

FIG. 15 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Ratio of
Large Granules for each of the aforesaid WBCs.

FIG. 16 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Ratio of
Nucleus for each of the aforesaid WBCs.

FIG. 17 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Red-
Green Ratio for each of the aforesaid WBCs.

FIG. 18 is an image depicting the pixels associated with the
Nucleus of a Cell masked out, with a circle applied to the
image to approximate the masked area.
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FIG. 19 is a version of the image shown in FIG. 18, high-
lighting only those pixels at the boundary of the masked area
(i.e., at the boundary of the Nucleus), including a centroid and
a few illustrative positioning line segments extending
between the centroid and the relevant boundary pixel.

FIG. 20 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Nucleus
Shape for each of the aforesaid WBCs.

FIG. 21 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Cell
Shape for each of the aforesaid WBCs.

FIG. 22 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Average
Cell Absorption at 413 nm for each of the aforesaid WBCs.

FIG. 23 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Nucleus
Texture for each of the aforesaid WBCs.

FIGS. 24A and 24B are images illustrating the differences
between the intensity of a group of pixels disposed within an
inner part of a Cell and the intensity of a group of pixels
disposed within an outer part of a Cell, for both the red and
green fluorescent images. FIG. 24B contains images similar
to those in FIG. 24 A, including encircling lines to facilitate
the identification of the inner and outer parts.

FIG. 25 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Nucleus
Hollowness for each of the aforesaid WBCs.

FIG. 26 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Cyto-
plasm Texture for each of the aforesaid WBCs.

FIG. 27 is a graph depicting empirical data (in the form of
a probability density function—pdf) collected from a training
set for each of lymphocytes, neutrophils, eosinophils, and
monocytes, versus the Cytoplasm Hollowness for each of'the
aforesaid WBCs.

FIG. 28 is a graph depicting empirical data (in the form of
a pdf) collected from a training set for each of lymphocytes,
neutrophils, eosinophils, and monocytes, versus the Cell
Absorption Texture at 413 nm for each of the aforesaid
WBCs.

FIG. 29 is a table of WBC types and features associated
with the particular WBC type.

FIG. 30 is an image of a whole blood sample with one or
more colorants added, including WBCs and RBCs.

FIG. 31 is the whole blood sample image shown in FIG. 30,
with the WBCs boxed.

FIG. 32 is whole blood sample image shown in FIG. 30
with the WBCs boxed and the remainder of the image outside
the boxes removed.

FIG. 33 is whole blood sample image shown in FIG. 30
with the boxed WBCs removed and the remainder of the
image outside the boxes shown.

FIG. 34 is a collective view of sample image portions
representing WBCs shown in a collective view.

DETAILED DESCRIPTION OF THE INVENTION

The present method and apparatus is directed toward cre-
ating an image of a biological fluid sample, and processing
that image to create one or more image analysis data files. The
processing utilizes one or more compression algorithms oper-
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able to compress an image analysis data file to a smaller size
while maintaining acceptably low levels of information loss.
The image analysis data is typically generated by an analysis
of'an image of a biological fluid sample quiescently residing
within an analysis chamber. The analysis includes identifying
and locating particular constituents within the sample.

An exemplary analysis involves performing a leukocyte
differential count (“LDC”) on a whole blood sample. As
indicated above, an LDC is an analysis wherein the different
types of WBCs are identified and enumerated. The results can
be expressed in terms of the relative percentages of identified
WRBC types; e.g., monocytes, eosinophils, neutrophils, and
lymphocytes within a blood sample. A detailed description of
a methodology for performing an LDC on a whole blood
sample is provided in U.S. Patent Application No. 61/371,020
filed Aug. 6, 2010, which application is hereby incorporated
by reference in its entirety. To facilitate the explanation of the
present method and apparatus for processing image analysis
data files, the present method and apparatus will be explained
in terms of image analysis data produced via an LDC per-
formed on a whole blood sample. The present method and
apparatus is not limited to use with this particular type of
analysis application, however, and can be used with other
analyses.

Now referring to FIGS. 1-3, the present method and appa-
ratus includes the provision of an automated analysis device
62 (shown diagrammatically in FIG. 3) adapted to image,
analyze, and process a sample quiescently residing within a
chamber 50 (see FIG. 1). The chamber 50 is formed by a first
planar member 52 and a second planar member 54, at least
one of which planar members 52,54 is transparent. In some
embodiments, the chamber 50 includes at least three separa-
tors 56 disposed between the planar members 52,54.
Examples of acceptable chambers are described in U.S.
Patent Application Publication No. 2007/0243117 and U.S.
Patent Provisional Application No. 61/287,955, each of
which applications is hereby incorporated by reference in its
entirety. FIG. 1 diagrammatically shows a chamber 50 that
can be disposed within a sample collection and analysis car-
tridge 60 such as that shown in FIG. 2.

The analysis device 62 (shown diagrammatically in FIG. 3)
includes imaging hardware and a processor (e.g., program-
mable analyzer) for capturing, analyzing, and processing
images of the sample. The analysis device 62 typically
includes an objective lens 64, a chamber positioning device
(e.g., a motorized stage) 66, a sample illuminator 68, an
image dissector 70, and a programmable analyzer 72. One or
both of the objective lens 64 and chamber positioning device
66 are movable toward and away from each other to change a
relative focal position of the device 62 relative to the chamber
50 and the sample disposed therein.

The sample illuminator 68 illuminates the sample using
light along predetermined wavelengths. For example, the
sample illuminator can include an epi-fluorescence light
source 68A and a transmission light source 68B. As will be
explained below, colorants such as Acridine Orange (also
referred to as “Basic Orange 15”) and Astrazon Orange (also
referred to as Basic Orange 21) emit light at particular wave-
lengths when mixed with whole blood and subjected to an
excitation wavelength from the epi-fluorescent light source,
which source typically produces light within the range of
about 450-490 nm. An excitation wavelength at about 470 nm
is particularly useful. The transmission light source is oper-
able to produce light at wavelengths associated with one or
more of red, green, and blue light. The red light is typically
produced in the range of about 600-700 nm, with red light at
about 660 nm preferred. The green light is typically produced
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in the range of about 515-570 nm, with green light at about
540 nm preferred. As will be discussed below, the blue light is
typically in the range of about 405-425 nm, with blue light at
about 413 nm preferred. Light transmitted through the
sample, or fluoresced from the sample, is captured using the
image dissector, and a signal representative of the captured
light is sent to the programmable analyzer, where it is pro-
cessed into an image. The image is produced in a manner that
permits the light transmittance or fluorescence intensity cap-
tured within the image to be determined on a per unit basis;
e.g., “per unit basis” being an incremental unit of which the
image of the sample can be dissected, such as a pixel. For
clarity of description, the LDC algorithm is described herein
as being on a “per pixel basis”. The per unit basis is not limited
to a pixel, however.

An example of an acceptable image dissector 70 is a charge
couple device (CCD) type image sensor that converts light
passing through (or from) the sample into an electronic data
format image. Complementary metal oxide semiconductors
(“CMOS”) type image sensors are another example of an
image sensor that can be used. The signals from the image
dissector 70 provide information for each pixel of the image,
which information includes, or can be derived to include,
intensity, wavelength, and optical density. Intensity values are
assigned an arbitrary scale of, for example, 0 units to 4095
units (“IVUs”). Optical density (“OD”) is a measure of the
amount of light absorbed relative to the amount of light trans-
mitted through a medium; e.g., the higher the “OD” value, the
greater the amount of light absorbed during transmission. OD
can be quantitatively described in optical density units
(“OD”) or fractions thereof; e.g., a MilliOD is a Yio00” of an
OD. One “OD” unit decreases light intensity by 90%. “OD”
or “MilliOD” as a quantitative value can be used for images
acquired or derived by transmission light, for example, the
transmission blue light illustrates in FIGS. 7A-7D. The infor-
mation from the image dissector 70 is separated into multiple
channels. The information from the image dissector 70 will
be described hereinafter as being separated into three chan-
nels, which number provides particular utility for determin-
ing a four part LDC. The present invention is not limited to a
three channel embodiment, however. A first of the three chan-
nels is directed toward information relating to light emitted
from the sample at a first wavelength (e.g., 540 nm, which
appears green). A second channel is directed toward informa-
tion relating to light emitted from the sample at a second
wavelength (e.g., 660 nm, which appears red). A third channel
is directed toward information relating to light passing
through the sample at a third wavelength (e.g., 413 nm, which
is used to determine blue optical density—“OD”). These
wavelength values and the number of channels have particu-
lar utility when an LDC is being performed on a whole blood
sample. The present invention is not limited to these particu-
lar wavelengths or number of channels. Additional channels
can be implemented to gather information at different wave-
lengths and/or transmission values. That information, in turn,
can be used to evaluate additional constituents within the
sample and/or to increase the accuracy of the analysis. For
example, in applications where it is desirable to further dif-
ferentiate basophils within the sample, a fourth and a fifth
channel can be added. The fourth channel can be directed
toward information relating to light passing through the
sample at a fourth wavelength (e.g., 540 nm), which is used to
determine green OD, and the fifth channel can be directed
toward information relating to light passing through the
sample at a fifth wavelength (e.g., 660 nm), which is used to
determine red OD. These OD values, in turn, can be used to
identify basophils.
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The programmable analyzer 72 includes a central process-
ing unit (CPU) and is in communication with the chamber
positioning device 66, sample illuminator 68, image dissector
70, and a display 74. The programmable analyzer 72 is
adapted (e.g., programmed) to send and/or receive signals
from one or more of the chamber positioning device 66, the
sample illuminator 68, an image dissector 70, and a display
74. For example, the analyzer 72 is adapted to: 1) send and
receive signals from the chamber positioning device to posi-
tion the chamber 50 relative to one or more of the optics,
illuminator, and image dissector; 2) send signals to the sample
illuminator to produce light at defined wavelengths (or alter-
natively at multiple wavelengths); and 3) send and receive
signals from the image dissector to capture light for defined
periods of time. The programmable analyzer 72 is further
adapted to communicate with the display 74 to permit view-
ing of an image of the sample. It should be noted that the
functionality of the programmable analyzer 72 may be imple-
mented using hardware, software, firmware, or a combination
thereof. A person skilled in the art would be able to program
the processing unit to perform the functionality described
herein without undue experimentation.

The display 74 (e.g., an LCD screen) may be incorporated
into the analysis device 62 and/or an external display may be
connectable to the analysis device 62 to permit a user to view
an image of the sample.

As indicated above, the programmable analyzer 72 pro-
cesses signals from the image dissector 70 into an image of
the quiescent sample, which image is collectively represented
by a substantial number of pixels. Each pixel provides infor-
mation that includes, or can be derived to include, intensity,
wavelength, and optical density of the captured light. The
image sample may be viewed and/or processed as a single
image, or sectionally in portions of the image referred to as
“frames”. The image portions represented in the frames may
be collectively assembled to produce a single image. The
programmable analyzer 72 is further adapted to process the
signals received from the image dissector 70 according to one
or more analysis algorithms, including the LDC algorithm
described herein, and thereby provide analysis data relating to
the image.

To perform the L.DC, the algorithm utilizes a set of identi-
fying features, each of which features is distinguishable from
the other features and each of which is quantitatively deter-
minable from an image of the sample. Each WBC can be
characterized by the presence or absence of certain identify-
ing features, and/or by quantitative information associated
with certain features. The algorithm is described herein in
terms of an exemplary set of identifying features that can be
used to selectively identify and distinguish WBCs. The algo-
rithm is not limited to this particular set of features.

For a WBC analysis, an exemplary set of identifying fea-
tures includes those entitled: Cell, Nucleus, number of Lobes,
Cell Area, Nucleus Area, Ratio of Large Granules, Ratio of
Nucleus, Red-Green Ratio, Nucleus Shape, Cell Shape,
Nucleus Brightness, Cytoplasm Brightness, Average Cell
Absorption at a Given Wavelength, Nucleus Texture, Cyto-
plasm Texture, Cell Absorption Texture at a Given Wave-
length, Nucleus Hollowness, and Cytoplasm Hollowness;
each of which is described below.

In some instances, certain features directly provide infor-
mation about a particular cell (e.g., Nucleus Shape). In other
instances, a feature (e.g., Cell Area) can be used to indirectly
provide information about a particular cell (e.g., ratio of
Nucleus Area to Cell Area—referred to above as “Ratio of
Nucleus”, etc.).
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The identifying features are based on characteristics such
as light intensity, light color, OD, area, and relative pixel
position (e.g., the shape of pixel clusters). The colors are
produced by one or more colorants admixed with the sample,
which upon excitation, produce fluorescent light emission at
particular wavelengths associated with particular colors. An
example of an acceptable colorant that can be used when
performing an LDC on a whole blood sample is Acridine
Orange (“ACO”). ACO is a fluorescent dye that, when mixed
with a whole blood sample, selectively stains constituents
within the sample; e.g., white blood cells, platelets, reticulo-
cytes, and nucleated red blood cells. With respect to WBCs,
the ACO permeates through the respective WBC and stains its
DNA and RNA. The color(s) emitted by the dye within the
WBC are a function of a number of factors, including: the
quantity of RNA and DNA within the dye, the concentration
of the dye in the constituent, and the pH of the constituent.
The present invention is not limited to using ACO, and other
dyes (e.g., Astrazon Orange) may be used in place of ACO or
in combination with ACO. Using ACO and white blood cells
as an example, if the sample is subjected to an excitation light
at or about a wavelength of 470 nm, the ACO bound to
materials (e.g., DNA) within the nucleus of a white blood cell
will emit light at about 540 nm (which appears green), and the
ACO bound to materials (e.g., RNA) within the cytoplasm of
a white blood cell will emit light at about 660 nm (which
appears red).

As indicated above, OD values within the sample are a
function of absorbtivity of light at predetermined wave-
lengths by materials that naturally occur within the cell (e.g.,
hemoglobin), and/or may be a function of colorant absorbed
(or not absorbed) by constituents within the sample.

As will be explained below, characteristics of pixel groups
can provide information useful in the identification of certain
types of WBCs. The identification of particular groups of
pixels at one or more defined wavelengths can be performed
using a variety of different techniques. For example, segmen-
tation techniques can be used to produce a masked image
depicting only those pixels within the image that meet defined
criteria (e.g., intensity and color). The present invention is not
limited to any particular segmentation technique, and a spe-
cific technique can be chosen in view of the application at
hand. The present invention is also not limited to using a
segmentation technique, and can use other techniques that
select (i.e., “pick™) pixels or otherwise distinguish pixels
having particular attributes.

The description of each of the identifying features below
will provide clear examples of how quantitative data such as
that associated with wavelength and intensity can provide a
basis for distinguishing one WBC from another.

The term “Cell” refers to an identifying feature that
includes a group of substantially contiguous pixels within the
image depicting green light emission and/or red light emis-
sion at a high level of intensity (i.e., at or above a predeter-
mined IVU threshold) relative to the intensity of the entire
image. Hence, the quantitative values define those pixels that
have the predetermined color (e.g., red and green) at or above
apredefined intensity level. FIGS. 4A-4D, for example, illus-
trate a region containing WBCs within the specimen image
showing green light and red light. FIGS. 8A-8D illustrate a
region at or above the threshold intensity level; i.e., a group of
substantially contiguous pixels within the above images that
define a cell.

The term “Nucleus” refers to an identifying feature that
includes a group of contiguous pixels within the image
depicting green light emission at a high intensity level relative
to the intensity level of the entire image. As indicated above,
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segmentation techniques can be used to produce a masked
image depicting only those pixels within the image that meet
the criteria of green emission at or above the predetermined
intensity threshold. Each group of contiguous pixels within
the image depicting green light emission at or above the I[VU
threshold is thereby characterized as a “Nucleus” feature. As
indicated above, FIGS. 9A-9D illustrate a masked image
showing a Nucleus feature.

The term “Lobe” refers to an identifying feature that
includes a group of contiguous pixels within the image that
are a regional maximum intensity in the fluorescent green
channel (e.g., 540 nm). The term “regional maximum inten-
sity” refers to a group of pixels having substantially the same
intensity value, which value is noticeably greater than sur-
rounding pixels. FIG. 10A illustrates a WBC having a single
lobe 75, identifiable by the single group of pixels exhibiting
regional maximum emission intensity. FIGS. 10C and 10D
illustrate a WBC having a pair of Lobes 75. FIG. 10B illus-
trates a WBC having three Lobes 75. FIG. 12 graphically
illustrates the differences in number of Lobes associated with
lymphocytes, neutrophils, monocytes, and eosinophils. The
number of Lobes 75 associated with neutrophils, for example,
makes number of Lobes an identifying feature that can be
used to distinguish neutrophils.

“Cell Area” is an identifying feature that refers to the area
within the image that is identified as a particular Cell.
Because each pixel represents a known area of the image, the
area of a given cell or other constituent or element can be
determined from the number of pixels. FIG. 13 graphically
illustrates the differences in Cell Area associated with lym-
phocytes, neutrophils, monocytes, and eosinophils. The Cell
Area associated with lymphocytes, for example, makes Cell
Area an identifying feature that can be used to distinguish
lymphocytes.

“Nucleus Area” is an identitying feature that refers to the
area within the image that is identified as a particular Nucleus.

“Ratio of Large Granules” is an identifying feature thatis a
ratio of the sum of high blue OD areas within a Cell, over the
Cell Area. The term “high blue OD area”—also referred to as
a “Large Granule”—refers to a group of contiguous pixels
within the image that have a blue OD value that is above a
predetermined threshold. The blue OD value is created by
transmitting blue light at a wavelength of about 413 nm
through the sample. The transmitted blue light that is used to
determine the blue OD value, can be in the range of about
405-425 nm. Transmitted blue light at about 413 nm is advan-
tageous because at or about 413 nm is where hemoglobin
(HGB) has peak absorption. Each Large Granule appears as a
group of bright pixels within the OD image and each is
detected by segmentation techniques within an OD image,
masking all pixels except those that have an OD above a
predetermined threshold (e.g., >300 milliOD). FIG. 14 illus-
trates an example of high blue OD areas within a Cell (i.e.,
large granules within an eosinophil). FIGS. 11A-11D further
illustrate the pixels with high blue OD in different types of
WBCs. Our research to date indicates that relative to the Cells
considered within the LDC, only eosinophils have significant
regions of the high intensity blue OD within the Cell. FIG. 15
graphically illustrates the differences in the Ratio of Large
Granules associated with lymphocytes, neutrophils, mono-
cytes, and eosinophils. As can be seen from FIG. 15, the Ratio
of Large Granules identifying feature readily distinguishes
eosinophils from the other constituents within the LDC.

“Ratio of Nucleus” is an identifying feature that is a ratio of
a Nucleus Area over the Cell Area, as defined above. FIG. 16
graphically illustrates the differences in the Ratio of Nucleus
associated with lymphocytes, neutrophils, monocytes, and
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eosinophils. The Ratio of Nucleus associated with lympho-
cytes, for example, makes Ratio of Nucleus an identifying
feature that can be used to distinguish lymphocytes.

“Red-Green Ratio” is an identifying feature that is a ratio of
the mean intensity value of those pixels (or area) within an
identified Cell depicting fluorescent red light, over the mean
intensity value of those pixels (or area) within the identified
Cell depicting fluorescent green light. FIGS. 5A and 6A (or
5B and 6B, or 5C and 6C, or 5D and 6D) illustrate the
combined fluorescent red and fluorescent green of a particular
type of Cell. The image shown in FIG. 5A (or 5B, 5C, or 5D)
is a partial image depicting only the component from the
fluorescent red light, and the image shown in FIG. 6 A (or 6B,
6C, or 6D) is a partial image of the same Cell depicting only
the component from the fluorescent green light. The Red-
Green Ratio is the ratio of the mean intensity values of the
respective colors. FIG. 17 graphically illustrates the differ-
ences in the Red-Green Ratio associated with lymphocytes,
neutrophils, monocytes, and eosinophils. The Red-Green
Ratio associated with lymphocytes, for example, makes Red-
Green Ratio an identifying feature that can be used to distin-
guish lymphocytes.

“Nucleus Shape” is an identifying feature that describes
the circularity of a Nucleus. A variety of geometric tech-
niques can be used to determine the circularity of a nucleus
within the specimen image, which nucleus appears as a two-
dimensional body within the image. For example, in terms of
asingle Cell, a segmentation technique can be used to identify
those pixels that are associated with the nucleus of the Cell
(i.e., those pixels that show green). Once the Nucleus pixels
are identified, the pixels located at the boundary of the
Nucleus are identified. The centroid of the Nucleus (i.e., the
centroid of the area covered by the Nucleus) can be defined by
averaging the position of all of the boundary pixels. A circle
that approximates the pixel defined body, and which is cen-
tered on the centroid, is applied to the pixel body. FIG. 18
illustrates an example of a nucleus defined by pixels within a
masked image, and a circle applied to the pixel body. FIG. 19
illustrates the corresponding boundary pixels. The locations
of the boundary pixels are collectively used to determine the
circularity of the Nucleus; e.g., the deviation value of the
boundary pixels from the approximating circle. For example,
the location of each boundary pixel can be described in nor-
malized terms by dividing the difference of the radius of the
boundary pixel (rz5) less the radius of the circle (r,.), by the
radius of the circle:

rpp—¥e
rC

rDj
rNormalized = r—ﬁ =
¢

Ifthe boundary pixel is located on the circle, the numerator
(rzp—1.) equals zero and the deviation is zero. The deviation
(rNormalized) from the circularity can then be used as a
measure of the circularity of the shape; e.g., the circularity of
the Nucleus. FIG. 20 depicts a graph comparing the circular-
ity of the Nucleus for a statistically significant population of
lymphocytes, neutrophils, monocytes, and eosinophils. The
graph clearly shows that the circularity of the Nuclei within
lymphocytes is noticeably different from the circularity ofthe
neutrophils, monocytes, and eosinophils, thereby making
Nucleus Shape an identifying feature that can be used to
distinguish lymphocytes. The above described technique for
determining the circularity of the Nucleus is an example of an
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acceptable technique and provided for enablement purposes,
and the present invention is not limited to this particular
technique.

“Cell Shape” is an identifying feature that evaluates the
shape of the boundary of a Cell; i.e., the distribution of the
boundary pixels of a cell within the 2-D plane of the image.
The techniques described above for determining the circular-
ity of the Nucleus can be used to determine the Cell Shape.
With respect to the Cell Shape, the techniques are preferably
used to determine the deviation of a Cell from a shape such as
an ellipse that is a closer approximation of a naturally occur-
ring Cell Shape. The present invention is not limited to the
above described techniques, or to using an elliptical shape as
an approximation. FIG. 21 graphically illustrates the difter-
ences in Cell Shape associated with lymphocytes neutrophils,
monocytes, and eosinophils. The Cell Shape associated with
neutrophils, for example, makes Cell Shape an identifying
feature that can be used to distinguish neutrophils.

“Nucleus Brightness” is an identifying feature that quan-
tifies the mean fluorescent green intensity values within a
Nucleus. FIGS. 6A-6C show that the Nucleus of a lympho-
cyte, neutrophil, and eosinophil have a greater intensity (i.e.,
appear brighter) than the Nucleus of a monocyte (FIG. 6D).
The aforesaid difference in intensity is due to the relative
dense distribution of chromatin inside the lymphocyte, neu-
trophil, and eosinophil Nuclei, versus the sparse distribution
of chromatin inside the monocyte Nucleus. In some embodi-
ments of the present invention, the Nucleus Brightness is
determined relative to a normalized value of the mean fluo-
rescent green intensity values within a Nucleus. The normal-
ized value helps to account for variabilities within the sample;
e.g., non-uniform staining within the sample. The exact tech-
nique used to normalize the intensity values can vary to suit
the application at hand, and the present invention is not lim-
ited to any particular normalization technique. For example,
in some instances the intensity values of mean fluorescent
green intensity values within a Nucleus can be normalized
relative to intensity values of neighboring Cells, or relative to
Cells throughout the sample.

“Cytoplasm Brightness” is an identifying feature that
quantifies the mean fluorescent red intensity values within
cytoplasm. FIGS. 5A-5D show the intensity of the fluorescent
red emission from the cytoplasm region of certain Cells. The
intensity of red light emitted from the cytoplasm of a lym-
phocyte is low relative to the intensity of red light emitted
from cytoplasm of a monocyte. The intensity of red light
emitted from the cytoplasm of a monocyte is, in turn, low
relative to the intensity of red light emitted from cytoplasm of
neutrophils and eosinophils. As indicated above, in some
embodiments of the present invention brightness values are
determined relative to a normalized value; e.g., a normalized
mean fluorescent red intensity value within a Cell. The exact
technique used to normalize the intensity values can vary to
suit the application at hand, and the present invention is not
limited to any particular normalization technique.

“Average Cell Absorption at A Given Wavelength” is an
identifying feature that quantifies the average OD of a Cell
associated with blue light at a given wavelength (e.g., the
“mean blue OD intensity”) transmitted through the Cell. As
indicated above, the transmitted blue light can be in the range
of'about 405-425 nm, and transmitted blue light at about 413
nm is advantageous because at or about 413 nm is where
hemoglobin has peak absorption. To quantify the mean blue
OD intensity of a Cell, blue light at a wavelength of about 413
nm is transmitted through the respective Cell. The OD asso-
ciated with the blue light is determined on a per pixel basis.
FIGS. 8A-8D each depict masked versions of the respective
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Cells, where everything is masked except those pixels having
fluorescent red or green intensity values greater than a prede-
termined threshold. The mean value of the OD (i.e., the OD
associated with the 413 nm wavelength) within the masked
portion of the respective Cell is determined. FIGS. 7A-7D
show images of blue OD resulting from the aforesaid light
being transmitted through the respective Cell. To facilitate the
evaluation of FIGS. 7A-7D, an encircling line is drawn in
each image indicating a boundary between the outer region
and the inner region where the average cell absorption is
determined. FIG. 22 graphically illustrates the differences in
the Average Cell Absorption at 413 nm associated with lym-
phocytes, neutrophils, monocytes, and eosinophils. The Aver-
age Cell Absorption at 413 nm associated with eosinophils,
for example, makes Average Cell Absorption at 413 nm an
identifying feature that can be used to distinguish eosinophils,
which is also evident from FIGS. 7A-7D.

“Nucleus Texture” is an identifying feature that quantifies
the “texture” of the fluorescent green light emitted within the
Nucleus region of a Cell. The term “texture” is used to refer to
the variability of the fluorescent green light within the
Nucleus of a Cell, typically on a per pixel basis. Several
different techniques can be used to quantify the Nucleus
Texture. For example, the standard deviation of the normal-
ized green intensity values per pixel can be used to quantify
the Nucleus Texture. Normalized fluorescent green intensity
values can be determined by identifying all of the pixels
within a Cell that emit fluorescent green light, and assigning
an arbitrary value of zero to the pixels with the lowest inten-
sity and a value of one to the pixels of the highest intensity.
The standard deviation of the intensity values can be com-
puted from those values using known techniques. FIG. 23
graphically illustrates the differences in the Nucleus Texture
associated with lymphocytes, neutrophils, monocytes, and
eosinophils. The Nucleus Texture associated with lympho-
cytes, for example, make Nucleus Texture an identifying fea-
ture that can be used to distinguish lymphocytes.

“Nucleus Hollowness™ is an identifying feature that can be
used in addition to, or in place of Nucleus Texture. Nucleus
Hollowness is a ratio of the intensity of a group of pixels
disposed within the inner part of a Cell versus the intensity of
a group of pixels disposed on the outer part of the Cell in the
fluorescent green image. The definition of what is the “outer
part” and what is the “inner part” can be varied to suit the
application at hand; e.g., based on empirical data. For
example, the outer part can be defined as a band of a few
pixels located at the boundary of the Cell; e.g., a band of three
pixels at the boundary of the Cell when the pixel size is around
0.5 um. The inner part would then be that area within the Cell
other than the outer part. FIG. 24 A includes the cell nucleus in
the green channel to illustrate the differences in intensity
between inner part and outer part of a Nucleus. FIG. 24B
contains similar images, and includes encircling lines to
facilitate the identification of the inner and outer parts. The
relative intensities of the pixels of inner and outer groups are
such that the intensity of the inner pixels is typically quanti-
fiably less than that of the outer pixels in some of the Neutro-
phils. FIGS. 24A and 24B show green channel and red chan-
nel images, where 24 A shows a dim part in the Nucleus which
appears like a hole. FIG. 25 graphically illustrates the difter-
ences in the “Nucleus Hollowness” associated with lympho-
cytes, neutrophils, monocytes, and eosinophils. The
“Nucleus Hollowness” associated with Neutrophils, for
example, has larger values than other types of cells and makes
it an identifying feature that can be used to distinguish Neu-
trophils.
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“Cytoplasm Texture” is an identifying feature that quanti-
fies the “texture” of the fluorescent red light emitted within
the cytoplasm of a Cell. The term “texture” is used to refer to
the variability of the fluorescent red light within the cyto-
plasm of a Cell, typically on a per pixel basis. Several differ-
ent techniques can be used to quantify the Cytoplasm Texture.
For example, the standard deviation of the normalized red
intensity value per pixel can be used to quantify the Cyto-
plasm Texture. Normalized fluorescent red intensity values
can be determined by identifying all of the pixels within a Cell
that emit fluorescent red light, and assigning an arbitrary
value of zero to the pixels with the lowest intensity and a value
of one to the pixels of the highest intensity. The standard
deviation of the intensity values can be computed from those
values using known techniques. FIG. 26 graphically illus-
trates the differences in the Cytoplasm Texture associated
with lymphocytes, neutrophils, monocytes, and eosinophils.
The Cytoplasm Texture associated with neutrophils, for
example, makes Nucleus Texture an identifying feature that
can be used to distinguish neutrophils.

In a manner similar to that described above vis-a-vis
Nucleus Texture and Nucleus Hollowness, “Cytoplasm Hol-
lowness™ is an identifying feature that can be used in addition
to, or in place of Cytoplasm Texture. Cytoplasm Hollowness
is a ratio of the intensity of a group of pixels disposed within
the inner part of a cytoplasm versus the intensity of a group of
pixels disposed on the outer part of the cytoplasm in the
fluorescent red image. The relative intensities of the pixels of
inner and outer groups are such that the intensity of the inner
pixels is typically quantifiably less than that of the outer
pixels in the Neutrophils and Eosinophils. FIG. 27 graphi-
cally illustrates the differences in the “Cytoplasm Hollow-
ness” associated with lymphocytes, neutrophils, monocytes,
and eosinophils. The “Cytoplasm Hollowness™ associated
with neutrophils, for example, is greater than that associated
with lymphocytes and monocytes, but less than that associ-
ated with eosinophils, thus make it an identifying feature that
can be used to distinguish neutrophils.

“Cell Absorption Texture at a Given Wavelength” is an
identifying feature that quantifies the texture of the OD values
of a Cell associated with blue light at a given wavelength
transmitted through the Cell, which OD is sensed on a per
pixel basis. As indicated above, the transmitted blue light can
be in the range of about 405-425 nm, and transmitted blue
light at about 413 nm is advantageous because at or about 413
nm is where hemoglobin has peak absorption. The “texture”
refers to the variability of the OD within the Cell. Also as
indicated above, several different techniques can be used to
quantify the texture; e.g., the standard deviation of the OD
values associated with blue light at 413 nm. FIG. 28 graphi-
cally illustrates the differences in the Cell Absorption Texture
at 413 nm associated with lymphocytes, neutrophils, mono-
cytes, and eosinophils. The Cell Absorption Texture at 413
nm associated with eosinophils, for example, makes Cell
Absorption Texture at 413 nm an identitying feature that can
be used to distinguish eosinophils.

As indicated above, the programmable analyzer 72 is
adapted to utilize identitying features, such as those described
above, within an algorithm to identify the particular WBCs
within the image, and thereby perform the LDC. The quanti-
tative information provided by the aforesaid features can be
processed in a number of different ways to provide the infor-
mation associated with an LDC.

In some embodiments, for example, the programmable
analyzer 72 is adapted to include a rule based classifier that
evaluates the sample image relative to one or more of the
features and use such evaluation to classify Cells within the
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sample. Each feature is describable in terms of a quantitative
value. Some or all of the Cells within the sample image are
evaluated in terms of a feature; i.e., a quantitative value for
that feature is determined. The determined quantitative value
is then compared against a reference value for that feature for
the purpose of determining whether or not that Cell is a
particular type of WBC. The process is followed for each type
of feature under consideration. To evaluate a particular Cell
image, for example, the classifier may first consider the Cell
Area feature. If the determined Cell Area value is below a
predetermined cell value area, the rule applied by the classi-
fier would specify that certain WBC types (e.g., monocytes)
are excluded and others are still included (e.g., eosinophils,
lymphocytes, neutrophils) Next, the rule based classifier may
evaluate the Cell image to determine the number of Lobes. If
the determined number of Lobes is equal to or greater than a
predetermined value (e.g., two), then the rule applied by the
classifier would specity that certain WBC types (e.g., lym-
phocytes) are excluded and others are still included (e.g.,
eosinophils and neutrophils). Next, the rule based classifier
may evaluate the Cell image to determine a quantitative value
for the Average Cell Absorption at a Given Wavelength. Ifthe
determined Average Cell Absorption value at the Given
Wavelength (e.g., at 413 nm) is greater than a predetermined
threshold value, then the rule applied by the classifier would
specify that certain WBC types (e.g., neutrophils) are
excluded and others are still included (e.g., eosinophils).
Thus, by applying certain evaluative rules to the Cell image,
the rule based classifier makes a determination as to the WBC
type; i.e., eosinophils.

The order in which the features are used to evaluate the
sample image can be varied to suit the application at hand. For
example, the programmable analyzer 72 can be adapted to
first evaluate the sample image to determine the presence of
Cells during an LDC analysis. Once Cells are identified, the
remainder of the sample image can be masked and the LDC
algorithm applied to only those sample image portions iden-
tified as Cells. The present invention is not limited to this
sequencing example, however.

The quantitative value of each identifying feature for a type
ot WBC will likely quantitatively vary, to some degree, within
a sample population from a particular subject, and may also
vary between subjects. The LDC algorithm addresses this
variability by, for example, utilizing a plurality of features to
evaluate a Cell image. By using more than one feature to
evaluate and identify a Cell, the present method decreases the
potential for any particular feature to have an adverse effect
on the accuracy of the evaluation. The table provided in FIG.
29 illustrates groups of dominant distinguishing features
associated with particular types of WBCs. These feature
groupings are examples of groups that can be used to signifi-
cantly distinguish one WBC from another WBC within the
four-part LDC. The variability can also be addressed by selec-
tively adjusting the magnitude of the quantitative reference
value(s) associated with each feature.

In some embodiments, the programmable analyzer 72 is
adapted to define a perimeter (i.e., a “box”) around a group of
pixels identified as being a type of WBC (although the spe-
cific type of WBC may not yet be known, depending on when
the box is defined). To illustrate, FIG. 30 shows a sample
image having a plurality of WBCs 76 disposed in and
amongst a large number of RBCs 78. FIG. 31 shows the
sample image of FIG. 30 with boxes applied to each of the
WBCs 76 identified within the sample image. Depending
upon the analysis at hand, each WBC 76 can be boxed, or
alternatively certain types of WBCs can be boxed. Each box
defines an image subset associated with a particular WBC 76,
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which image subset would include the WBC pixels and the
additional pixels, if any, that fill the remainder of the box. In
some embodiments, a standard size box may be used to create
an image subset for each of the WBCs identified within the
sample. For example, after all of the WBCs 76 are identified
and the largest size WBC is determined within the identified
WRBCs, a “box” size large enough to include all of the pixels
representing the largest WBC can be selected; e.g., a square
box that is thirty (30) pixels by thirty (30) pixels. Because the
size of WBCs may vary, however, the size of a “standard” box
may vary from analysis to analysis and is not limited to any
particular size. Once an appropriate standard box size is cho-
sen, the same size box can then be used to define an image
subset for each WBC 76. The image subset boxes (standard or
individually sized) can be used as the basis for distinguishing
the WBCs 76 within the sample image; e.g., the portion of the
image outside the boxes can be masked, leaving only the
“boxed” WBCs (e.g., see FIG. 32), or conversely the portion
of'the image inside the boxes can be masked, leaving only the
remaining image (e.g., see FIG. 33).

The image subset boxes can be used to facilitate evaluation
of'the WBCs 76. For example, the programmable analyzer 72
can be adapted to assign colors to the perimeters of the image
subset boxes in a manner that identifies the type of WBC
enclosed within the box (e.g., see FIG. 31; eg.,
monocytes=blue box perimeter; cosinophils=orange box
perimeter; lymphocytes=green box perimeter; and
neutrophils=red box perimeter) to facilitate their evaluation.
The aforesaid box perimeter colors are arbitrarily chosen and
the invention is not limited thereto. In alternative embodi-
ments, visual features other than colors can be used distin-
guish the types of WBCs 76 contained within the boxes.

In some embodiments, the programmable analyzer 72 is
adapted to assemble some or all of the image portions of the
identified WBCs (or image subset boxes containing WBCs)
in a collective display format that allows the WBCs to be
comparatively viewed on the analysis device display 74. For
example, FIG. 34 illustrates a collective comparative display
wherein the identified WBCs 76 are arranged in close prox-
imity to facilitate analysis. In some embodiments, the
assembled WBCs 76 may be separated and viewed by type;
e.g., all of the WBCs 76 in the comparative view are eosino-
phils, or neutrophils, etc. Alternatively, portions of the com-
parative view may be dedicated to particular WBC types; e.g.,
the view includes a row of eosinophils, a row of neutrophils,
etc.

In some embodiments, the programmable analyzer 72 is
also adapted to associate each identified WBC 76 with its
particular location within the sample image (or within the
frame of the image), and the specific type of that WBC (e.g.,
lymphocyte, neutrophil, monocyte, eosinophil, basophil).
The associated locations enable the WBC image subsets to be
reassembled in the locations where they appeared in the origi-
nal sample image relative to one another. The relative posi-
tioning also enables analysis regarding the influence of adja-
cent WBCs and/or location within the sample image. For
example, colorants added to the sample will sometimes not
uniformly distribute within the quiescent sample. A region of
the sample may have a uniform colorant distribution, but the
concentration of the colorant within that region may be dif-
ferent than the concentration in a different region. Conse-
quently, analyses that utilize colorant concentration may be
skewed if WBCs from different regions are compared on a
colorant concentration basis. The programmable analyzer 72
is adapted to consider where the WBC image portions are
located relative to the analysis at hand. Differences in colo-

25

40

45

16

rant concentration illustrate the utility of knowing the loca-
tions of the WBC sample image portions, but the utility is not
limited thereto.

There is considerable utility in storing the portions of the
sample image relied upon in the analysis in a format that
enables the stored information to be reproduced in relatively
high definition; i.e., in a manner that has an acceptably low
level of information loss that does not negatively affect the
ability to subsequently analyze the information represented
on a per pixel basis. Color images of a blood sample quies-
cently residing within a chamber 50 can, however, be sub-
stantial in size (e.g., 1-2 GB). Large image data files can
consume storage space, impede transfer to a remote location,
and/or slow processing. To address problems associated with
large image data files, the programmable analyzer 72 is fur-
ther adapted to process the image in a manner that facilitates
data compression.

To facilitate compression of the sample image, the pro-
grammable analyzer 72 is adapted to compress the sample
image portions determined to represent a WBC. A compres-
sion algorithm is used that enables the sample image portions
to be compressed and subsequently decompressed with little
or no information loss relative to the original pixels of the
relevant sample image portion; i.e., to the extent that there is
any information loss, such loss does not impede analysis of
the information represented within the sample image portion.
A lossless data compression algorithm, for example, can be
used to compress the sample image portions. In those
instances where the WBCs are contained within image subset
boxes, all of the pixels within each image subset box are
compressed using a lossless compression algorithm or the
like. An example of an acceptable lossless compression algo-
rithm is JPEG 2000 lossless mode offered by the Joint Pho-
tographic Experts Group. The present invention is not limited
to using a lossless compression type algorithm, or any par-
ticular type of lossless compression algorithm.

In terms of the above described LDC analysis, the pro-
grammable analyzer 72 can be adapted to compress WBC
pixel data before the complete analysis is performed; e.g.,
after the Cells are identified, but before the analysis deter-
mines the type of WBC. Preferably, however, the program-
mable analyzer 72 is adapted to compress WBC pixel data
after the analysis is performed and analysis data (e.g., WBC
type) can be provided with the sample.

The remaining portion of the image can be either com-
pressed using a less precise compression technique that com-
presses image data to a greater degree than is possible using a
lossless compression technique or the remaining portion can
be discarded. In those instances where the remaining portion
of the image is compressed, a lossy data compression algo-
rithm, for example, can be used to compress the remaining
image portion. An example of an acceptable lossy compres-
sion algorithm is JPEG 2000 lossy mode offered by the Joint
Photographic Experts Group. The present invention is not
limited to using a lossy compression type algorithm, or any
particular type of lossy compression algorithm.

As indicated above, the programmable analyzer 72 may be
adapted to associate each identified WBC with its particular
location within the sample image (or within the image frame).
The associated locations enable the WBC image subsets to be
reassembled post-compression in the locations where they
appeared in the original sample image relative to one another.

In the operation of the invention, an undiluted sample of
whole blood is collected into a disposable cartridge such as
that illustrated in FIG. 2. Reagents, including one or more
colorants (e.g., ACO) and an anticoagulant (e.g., EDTA), are
added to the sample to facilitate the LDC analysis. The
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sample admixed with the reagents is deposited within the
analysis chamber 50 portion of the cartridge, where it quies-
cently resides during the imaging process. The cartridge is
inserted into (or otherwise engaged with) the analysis device,
where it is appropriately positioned by the cartridge position-
ing device 66 relative to the objective lens 64, sample illumi-
nator 68, and image dissector 70, and is subsequently imaged.

In most instances, the analysis device is programmed to
image the entirety of the sample quiescently residing within
the chamber 50 (in a single image or in frames of the entire
image). In some applications, however, a portion of the
sample can be imaged. The imaging process can vary depend-
ing upon the application at hand. For the four-part LDC
described above, the imaging process involves subjecting the
sample to a fluorescent excitation light source (e.g., light at
about 470 nm from the epi-fluorescent light source), and to a
transmission light source (e.g., blue light at or about 413 nm).
The excitation light source causes the colorant combined with
elements disposed within the sample to emit fluorescent light
at two different wavelengths (e.g., red~660 nm, and
green~540 nm). Some amount of the transmitted light passes
through the sample, and the remainder is absorbed by the
sample/colorant. The image dissector 70 captures the light
transmitted through the sample and fluorescing from the
sample and provides signals representative of the intensity
and color of the captured light. The signals are processed into
a form that permits the programmable analyzer 72 to form an
image of'the sample based on the signals, which image can be
quantitatively analyzed to perform the four-part LDC.

During the quantitative analysis of the sample image, the
algorithm identifies WBCs within the image. To facilitate
and/or expedite the analysis, the sample image can be masked
(e.g., by segmentation) to eliminate all the sample image
except those portions identified as a Cell. The image portions
identified as Cells are then quantitatively evaluated in teens of
one or more of the features (e.g., see feature groupings dis-
closed in FIG. 29), and typically in terms of substantially all
of'the features. The quantitative values (or probability density
functions) for each of the Cells for each of the features are
then utilized within the algorithm (e.g., the learned model
portion) to classify the Cells. Once the Cells are classified and
enumerated, the data is organized to provide the LDC data.
The classified Cells can subsequently be viewed by the user
on the display 74 connected to the analysis device.

To facilitate storing and/or sending the image analysis data,
the image is processed using a compression algorithm in the
manner described above. For example, the image subsets
associated with the Cells (e.g., identified WBCs) are pro-
cessed using a lossless type compression algorithm and the
remaining portion of the image is compressed using a lossy
data compression algorithm, or is discarded.

The ability of the present invention to compress the sample
image provides significant advantages relating to the process-
ing and storing of the file. For example, in a typical sample
image about 1000 WBCs can be identified and differentiated
in a given analysis. If the sample image is divided into ten (10)
frames each sized about twenty-five hundred by nineteen
hundred pixels (2500x1900). If each identified WBC is
enclosed within a thirty by thirty (30x30) pixel box, the
pre-compression ratio is ((2500x1900x10)/(30x30x1000))
about 52.8 times. If a lossless compression algorithm that
compresses image data by four times is subsequently applied
to the image data subsets within the WBC boxes, and the
remaining image portion is discarded, the compression ratio
between the original image and the compressed image data is
greater than two-hundred times (>200x). Even at this signifi-
cant compression ratio, the compressed data can be recalled
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with an inconsequential amount of information loss. Image
analysis data stored in the above-described method greatly
facilitates subsequent retrieval and/or transfer to a remote
location. The retrieved image analysis data, which was pre-
viously analyzed pursuant to the automated algorithm, can be
reviewed by a skilled technician and the analysis results con-
firmed; e.g., for quality control purposes. In addition, the
high-resolution retrieved data can be subjected to additional
image analyses as desired.

Although this invention has been shown and described
with respect to the detailed embodiments thereof, it will be
understood by those skilled in the art that various changes in
form and detail thereof may be made without departing from
the spirit and the scope of the invention.

What is claimed is:

1. A method for analyzing white blood cells (WBCs)
within a whole blood sample quiescently residing within a
chamber while the sample is analyzed, which chamber is
defined by at least one transparent panel, and which whole
blood sample includes at least one colorant operable to dif-
ferentially identify at least one WBC type from another WBC
type within the sample, the method comprising the steps of:

creating at least one image of the sample quiescently resid-

ing within the chamber;

identifying portions of the sample image, with each portion

representing a single WBC;
compressing the sample image portions using a first com-
pression algorithm, which first compression algorithm is
a lossless compression algorithm;

one of compressing a remainder of the sample image not
included in the portions using a second compression
algorithm, which second compression algorithm is a
lossy compression algorithm, or discarding the remain-
der;

quantitatively analyzing the sample image portions relative

to one or more predetermined quantitatively determin-
able features;

identifying the type of WBC in each portion using the

quantitatively determinable features;

defining a perimeter around each sample image portion

representing a WBC, wherein each perimeter is a par-
ticular shape and all of the perimeters are the same size;
and

making the perimeters visible within a display of the

sample image.

2. The method of claim 1, further comprising the step of
associating the identified type of WBC with the respective
compressed sample image portion representing the WBC.

3. The method of claim 1, further comprising the step of
associating a location of the sample image portion within the
sample image with the respective compressed sample image
portion.

4. The method of claim 3, further comprising the steps of:

decompressing the sample image portions; and

positioning each sample image portion relative to the other
sample image portions using each sample image por-
tion’s respective location within the displayed image.

5. The method of claim 1 further comprising the step of
selecting a standard perimeter shape size large enough to
include the sample image portion representing a largest WBC
of all the WBCs represented within the sample image por-
tions, and defining the perimeters around each of the sample
image portions with the standard perimeter shape.

6. The method of claim 1, wherein the perimeter around the
sample image portion of each type of WBC indicates the type
of WBC and distinguishes that type of WBC from the other
types of WBCs within the sample image.
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7. The method of claim 1, further comprising the step of
displaying a plurality of the sample image portions represent-
ing WBCs in a collective view.

8. The method of claim 7, wherein the step of displaying a
plurality of the sample image portions representing WBCs in
a collective view includes displaying a plurality of sample
image portions representing only a single type of WBC.

9. The method of claim 7, wherein the step of displaying a
plurality of the sample image portions representing WBCs in
a collective view includes arranging sample image portions
representing a particular type of WBC together within the
collective view.

10. A method for imaging white blood cells (WBCs) within
a whole blood sample quiescently residing within a chamber
defined by at least one transparent panel, the method com-
prising the steps of:

creating at least one image ofthe sample quiescently resid-

ing within the chamber;

identifying portions of the sample image and a location of

each portion within the sample image, with each portion
representing a single WBC;
compressing the sample image portions using a first com-
pression algorithm, which first compression algorithm is
a lossless compression algorithm; and

one of compressing a remainder of the sample image not
included in the portions using a second compression
algorithm, which first compression algorithm is a lossy
compression algorithm, or discarding the remainder;

decompressing the sample image portions and collectively
displaying the portions, with each portion relatively
located based on its location within the sample image;
and

defining a perimeter around each sample image portion

representing a WBC, wherein each perimeter is a par-
ticular shape and all of the perimeters are the same size;
and

making the perimeters visible within the sample image.

11. The method of claim 10, further comprising the step of
associating a specific WBC type with the WBC represented in
each sample image portion.

12. The method of claim 10, wherein the perimeter around
the sample image portion of each type of WBC indicates the
type of WBC and distinguishes that type of WBC from the
other types of WBCs within the sample image.

13. The method of claim 10, further comprising the step of
displaying a plurality of the sample image portions represent-
ing WBCs in a collective view.

14. An apparatus for analyzing a whole blood sample qui-
escently residing within a chamber, comprising:

an objective lens;

asample illuminator operable to provide a fluorescent exci-

tation light and one or more transmission lights;

an image sensor adapted to receive one or both of light

fluorescing from the sample and light transmitted
through the sample, and produce signals representative
of such light; and
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a programmable analyzer adapted to receive the signals
representative of the light and create at least one image
of the sample quiescently residing within the chamber,
and further adapted to quantitatively analyze the sample
image and identify portions of the sample image, each
portion representing a single white blood cell (WBC)
within the image, and further adapted to selectively
compress the sample image portions using a first com-
pression algorithm, which first compression algorithm is
a lossless compression algorithm, and either compress a
remainder of the sample image not included in the por-
tions using a second compression algorithm, which first
compression algorithm is a lossy compression algo-
rithm, or discard the remainder, wherein the program-
mable analyzer is further adapted to quantitatively ana-
lyze the sample image portions relative to one or more
predetermined quantitatively determinable features, and
identify the type of WBC in each portion using the
quantitatively determinable features, and wherein the
programmable analyzer is further adapted to define a
perimeter around each sample image portion represent-
ing a WBC, wherein each perimeter is a particular shape
and all of the perimeters are the same size, and wherein
the programmable analyzer is further adapted to make
the perimeters visible within the sample image.

15. The apparatus of claim 14, wherein the programmable
analyzer is further adapted to associate the identified type of
WBC with the respective compressed sample image portion
representing the WBC.

16. The apparatus of claim 14, wherein the programmable
analyzer is further adapted to associate a location of each
sample image portion within the sample image with the
respective compressed sample image portion in a manner that
permits the each sample image portion to be decompressed
and positioned within a display relative to the other sample
image portions using each sample image portion’s respective
location within sample image.

17. The apparatus of claim 14 wherein the programmable
analyzer is further adapted to select a standard perimeter
shape size large enough to include the sample image portion
representing a largest WBC of all the WBCs represented
within the sample image portions, and to define the perim-
eters around each of the sample image portions with the
standard perimeter shape.

18. The apparatus of claim 14, wherein the programmable
analyzer is further adapted to define a perimeter around the
sample image portion of each type of WBC that indicates the
type of WBC and distinguishes that type of WBC from the
other types of WBCs within the sample image.

19. The apparatus of claim 14, wherein the programmable
analyzer is further adapted to display a plurality of the sample
image portions representing WBCs in a collective view.
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